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Abstract

In response to the teaching challenges in big data practice education, such as building big data cluster environments,
environment management, component compatibility, and hardware maintenance, Huawei MRS big data platform is
used for course exploration as a practical teaching platform. The advantages of the Huawei MRS big data platform in
teaching were discussed. The reform concept of “learning, teaching, practicing and thinking” was proposed, which
included theoretical teaching, experimental teaching, comprehensive practice and curriculum evaluation. The paper
discussed the implementation process of curriculum reform from the aspects of knowledge system, experimental
teaching, comprehensive practice tasks and course assessment methods. This course has been demonstrated at Huawei
"Intelligent Foundation" industrial-education integration collaborative education base, effectively improving students'

independent research capabilities and innovation skills of big data technology.
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